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Frequentism vs Bayesian
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Bayes’ Theorem
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Maximum Likelihood Estimation(MLE)

“The happening done is the event that occurs most frequently, i.e.,
the event that you see takes place with maximum probability”
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Information Theory View

- Pick a color.
- - Is it in the lower half? (V/IN)

Is it on the right side of the upper half? (Y/N)
- - Is it on the left side of the second quadrant? (Y/N)
- - Is it in the upper half of the right side of the second quadrant? (Y/N)
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Information Theory View
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Information Theory View
Wz} AE 2T (cross entropy) 24?

H(P,Q) = Exp [~ logQ(x)] = — 3 P(x)log Q(x)
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Concept of Convolution
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Concept of Convolution

a

further reading : https://colah.github.io/posts/2014-07-Understanding-Convolutions/



Kernel Trick of Support Vector Machine(SVM)

Normal SVM review
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Kernel Trick of Support Vector Machine(SVM)
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Kernel Trick of Support Vector Machine(SVM)
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W = Z@yiié f(i) = (W, X) +b = <ZO@%X@, >
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